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%macro hpforestStudy (nVarsList=10,maxTrees=200);

%let nTries = %sysfunc(countw(&nVarsList.));
[* Loop over all specified number of variables to try */
%do i = 1 %to &nTries.;

%let thisTry = %sysfunc(scan(&nVarsList.,&i));

/* Run HP Forest for this number of variables */

proc hpforest data=&em_import_data maxtrees=&maxTrees. vars_to_try=&thisTry.;
input %EM_INTERVAL_INPUT /level=interval;
target %EM_TARGET / level=binary;
ods output fitstatistics=fitstats_vars&thisTry. ;

run;

Z . DEFICEETOIERDHT

7354

/* Append to the single cumulative fit statistics table */
proc append base=fitStats data=fitstats_vars&thisTry.;
run;

%end;

%mend hpforestStudy;

%hpforestStudy(nVarsList=5 10 25 50 all,maxTrees=100);
/* Register the data set for use in the em_report reporting macro */
%em_register(type=Data,key=fitStats);
data &em_user_fitStats;
set fitStats;
run;
%em_report(viewType=data,key=fitStats,autodisplay=y);

%em_report(viewType=lineplot,key=fitStats,x=nTrees,y=miscOOB,group=varsToTry,d
escription=0ut of Bag Misclassification Rate,autodisplay=y);
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%macro hpforestStudy (leafsizeList=5,maxTrees=200);

%let nTries = %sysfunc(countw(&leafsizeList.));
/* Loop over all specified number of variables to try */
%do i = 1 %to &nTries.;

%let thisTry = %sysfunc(scan(&leafsizeList.,&i));

/* Run HP Forest for this number of variables */

proc hpforest data=&em_import_data maxtrees=&maxTrees. leafsize=&thisTry.;
input %EM_INTERVAL_INPUT /level=interval;
target %EM_TARGET / level=binary;
ods output fitstatistics=fitstats_vars&thisTry. ;

run;

/* Add the value of varsToTry for these fit stats */
data fitstats_vars&thisTry.;

length leafsize $ 8;

set fitstats_vars&thisTry.;

leafsize = "&thisTry.";

run;

/* Append to the single cumulative fit statistics table */
proc append base=fitStats data=fitstats_vars&thisTry.;
run;

%end,;

%mend hpforestStudy;

%hpforestStudy(leafsizeList=1 3 5 10 15,maxTrees=100);
/* Register the data set for use in the em_report reporting macro */
%em_register(type=Data,key=fitStats);
data &em_user_fitStats;
set fitStats;
run;
%em_report(viewType=data,key=fitStats,autodisplay=y);

%em_report(viewTypezlineplot,key=fitStats,x=nTrees,y:miscOOB,group:Ieafsize,descir'@tion=0
ut of Bag Misclassification Rate,autodisplay=y);



