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PROC HPSPLIT DATA=I.SOURCE MAXDEPTH=7 MAXBRANCH=2;

TARGET A_GOAL;

INPUT VAR1 VAR2 -- VAR3_FL1/ LEVEL = int;
CRITERION entropy;

PRUNE misc / N<=15;

PARTITION FRACTION(Validate=0.2);

RULES FILE="hpsplit-rules.txt’;

SCORE OUT=scored;

RUN:;
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proc hpforest data=I.SOURCE

maxtrees=100 OVERR T DIRTEARDEL
vars_to_try =8 QR BAZZZNDEN
trainfraction=0.6; QL —Z>0F—ZLX
target A_GOAL/level=binary; @BMZEE
input VAR1 VAR?2 :--/level=nominal; OE

ods output FitStatistics = fitstats_vars8(rename=(Miscoob=VarsToTry8));
run;
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R —F (GERRERI\_HRXK)
Proc nlin data=Enzyme method=marquardt;
parameters thetal=155 theta2=0 to 0.07 by 0.01;
model Velocity = thetal*Concentration / (theta2 + Concentration);

3

Run;

High Performance Analytics®1— R
Proc hpnimod data=enzyme;
parameters thetal=155 theta2=0 to 0.07 by 0.01;
model Velocity ~ residual(thetal*Concentration / (theta2 + Concentration));
Run;
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