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How big data can revolutionize
pharmaceutical R&D

Pharmaceutical R&D suffers from declining success rates and a stagnant
pipeline. Big data and the analytics that go with it could be a key element of the
cure.

April 2013 | by Jamie Cattell, Sastry Chilukuri, and Michael Levy

After transforming customer-facing functions such as sales and
marketing, big data is extending its reach to other parts of the

enterprise. In research and development, for example, big data m
and analyties are being adopted across industries, including
pharmaceuticals. About this
Video The McKinsey Global In.'st“ltute1 estimates content
that applying big-data strategies to better The material on
n inform decision making could generate up this page draws on
to $100 billion in value annually across the  the pesearch and
¥l US health-care system, by optimizing experience of

Applying analytics  innovation, improving the efficiency of MeKinsey
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