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O SAS9.1.3 9.2

O GLM procedure

Cohen, 2006)

LAR(Efron et al. , 2004)
LASSO (Tibshirani et al. , 1996)
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REG GLMSELECT

y
X1 x2 x3

cl c2 c3
e REG procedure

proc reg data=data;
model y=x1 x2 x3/selection=stepwise SLE=0.15 SLS=0.15;
run;

. GLMSELECT procedure
proc glmselect data=data; ( CLASS
class cl c2 c3; ]
modely =x1 x2 x3
cl c2 c3
x1*x2 x1*c
/selection=stepwise(select=SL SLE=0.15 SLS=0.15);
\run; 3/23
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y BMI
1 5.23 Placebo _ 49 152.2 | 61.3 | 245 -13 1
2 3.80 Placebo _ 45 157.8 | 90.2 | 19.7 -12 2
3 1118 Active _ 62 156.1 | 82.7 | 243 -10 1
[ 100 T 648 [ Active] _ [ 48 T1723 [ 620 | T -8 ] | | |
[ 200 | 159 | Active | _ | 55 | 1649 | 65.7 ] | 8 ] | | |
Goc glmselect data=data; \
class ;
model y = BMI
* * * *
*BMI * * * *
/selection=stepwise(select=SL SLE=0.15 SLS=0.15) ;
NG J
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