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Characteristics of a badly managed platform

- No clear data ownership
- Lack of board level support for fact based decisioning

« Low trust from end users in data

Security leaks

- Copies of copies of copies of the same data
« Unclear process for accessing data
Multitude of end user tools

No clear alignment between business and IT
- Lack of process to guarantee privacy of data



- Access to Technology
- Cheap / Free

- Digitalisation
 Innovation

- Cloud adoption

- Big Data Revolution

Why now ?

« Regulation (GDPR)
« Cost
- Ethics



The seven traits of a modern analytical platform
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Process supports the analytical lifecycle
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SAS Enterprise Decision
Management at a Global
Financial
Services Firm: Enabling More
Rapid Implementation of
Decision Models into Production

SIDC

Buyer Case Study

SAS Enterprise Decision Management at a Global Financial
Services Firm: Enabling More Rapid Implementation of
Decision Models into Production
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Engines for processing data in-memory, in-database
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New Landscape - New Needs

Bigger Data

Volume Velocity Variety

Act Faster

Reduced time to decision and action
Immediate low latency answers
Continuously evaluate opportunities and risks
More agile, more responsive

Gsas
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Analytics Lifecycle
Traditional Analytics Lifecycle

Alerts - Reports

Streaming Data




Analytics Lifecycle
Stream — Understand — Act

Streaming Data




SAS® Event Stream Processing
Engineered For Fast And Adaptive Action

Streaming Data

Apply high end analytics on event streams
Offline, data at rest identifies emerging trends
Pattern detection at event stream source
Dynamically update models into live stream
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The SAS platform architecture-stripped down
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SAS Viya Single Machine Deployment

CAS Controller

————

e
CAS Server
Monitor
—_—
e

SAS Data
Connector

[ | @ Linux x64 only

Single Machine Deployment

---------------- 1 '----------------" W —
) — : : | Web Applications
|
2 | ] |
SAS Object : i SAS Studio i N/
Spawner s ! ! C>
\. J | | |
| ] |
|
SAS Workspace : | Embedded Web |
Server | 1 o i
: : Application Server | Microservices
|
: e o o o - - ———— = -
|
SAS/CONNECT |
Server & Spawner | |
- |
|

SAS Configuration 3\

\ Server

Apache HTTP )

\ Server

SAS Infrastructure )

Data Server

SAS Message )
\ Broker

System Services




SAS Viya Multi-Machine Deployment
Distributed CAS

Distributed SAS Cloud Analytic Services Deployment
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The SAS platform architecture
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Access to a variety of data sources
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User
Interface

Metadata

Data
Access

Data
Processing

File
System

Sas & hadoop

SAS® Visual Analytics
SAS” Visual Statistics SAS® Visual Data

SAS’® Data SAS®Enterprise SAS® Studio

Management Miner™ SAS® econometrics Mining and machine

SAS® Visual Forecasting learning

SAS Metadata

Base SAS & SAS/ACCESS® to Hadoop™ & In-Memory Data
Impala & Hawk Access

SAS Embedded

Process SAS® Cloud Analytics
Services

Map Reduce

HDFS




A variety of analytical tools available to
support a range of end user needs

s s Oiems vadon b
OIS S EEE
218l ] 0 ) gl
e e 03 ] ]

§sas

Qo= b R e 8

Program

L ———
= 5 Rorem |-
s

e S

v
POSTFINAL “
RE_FINAL A Tz
A e =
= “
= © # 1o ’n v o 8o
= Jupyter Logistic s T
ona
4 Server Flles and Fokders @ o ve « . . M
._- o B e I B[ [Fa|Bl* v (W[BlCom ] =] coimem ][5 twempen 4 -

" 4 ©-HWRBE & L] ® %M - ’

- ## Logisitic Model and predictions plot s

2 i —_

3 ¢ v

- ’

e -

v

e e o 1 it ¢

M T
e sas 12

The LOGISTIC Pr

¢ st St LA - Page 3
Predicted Probabilit
HOun:

Customer sogmentation using Cluster




The SAS platform architecture

[ Source-based "\ /
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Base SAS
SAS EG
SAS EM
SAS Studio

Open-source connectivity

SAS Viya

« Run R & Python from IDE eg Jupyter

+ GIT sassoftware/python-swat package
(SAS Scripting Wrapper for Analytics
Transfer (SWAT))

« GIT sassoftware/R-swat




Language versus actions

[ ] An Example
proc print data = hmeq (obs = 10); &
SAS Viya
Workers
APls ,
A e =
[ ]— ‘ o am o e
python < —
df = s.CASTable(‘hmeq’)
df.head(10)
Translated Action
i ) [table.fetch]
R table.name = “hmeg”
\. y, from = 1 to = 10

df <- defCasTable(s, ‘hmeq’)
head(df, 10)




A shared services operating model

* Common
Systems &
* Business Units Support
retain Control * Efficient
* Recognition of Knowledge

Local Priorities Transfer,
Standards

& Tools
* Economies
of Scale




A governed environment, with room for
experimentation

* |T governance \4@5
* Data governance :

e Analytic governance

; Big Data Lab

@

Analytics Factory
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The seven traits of a modern analytical platform

1. Process supports the analytical lifecycle

2. Engines for processing data in-memory, in-database
and real-time streaming

3. The platform is scalable and can grow

. Access to a variety of data sources

5. A variety of analytical tools available to support a range
of end user needs
A shared services operating model f 2

A governed environment, with room for ]
experimentation

N Gsas
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Download the and& summit app!

Thank you for joining the the
data science jam sessions.

Enjoy the networking drink & music!
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